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Fish feeding behavior detection method based on shape and texture features

GUO Qiang'*”, YANG Xinting'*”*, ZHOU Chao™’, LIN Kai*®, SUN Chuanheng®’, CHEN Ming'

(1. College of Information Science, Shanghai Ocean University, Shanghai 201306, China; 2. Beijing Research Center for
Information Technology in Agriculture, Beijing 100097, China; 3. National Engineering Research Center for Information
Technology in Agriculture, Beijing 100097, China)

Abstract: In the production practice, it is important to detect the feeding behavior of fish for feeding control.
Taking Cyprinuscarpiospeculari as an experimental object, this paper employs computer vision technology to
detect feeding behavior by using shape and texture information of fish in the process of feeding. Firstly, the
image is subtracted, grayed out, binarized and so on, and the image shape and texture information are
obtained. Then, the feeding behavior of fish is classified by BP neural network. Compared with the single
texture-based detection method, this method can not only analyze the interference of the unfavorable factors
such as surface vibration, spray, and other adverse factors, but also consider the shape information of the
image and improve the accuracy of the detection. The results show that the correct recognition rate of this
method is 98.0% , which can be used to guide the precise feeding control in aquaculture.

Key words: feeding behavior; shape and texture features; BP neural network; precise feeding

http: //www. shhydxxb. com



